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Abstract—Deep Neural Network (DNN) based speech emotion 
recognition (SER) methods have demonstrated competitive 
performance compared to traditional SER approaches. However, 
from literatures, it can be seen that the confusion matrices of 
different SER methods varied a lot, which indicates that different 
DNN architecture has different capability of modeling different 
emotion cues from speech. It also means that single classifier 
hardly performs well on all speech emotion categories, which may 
be possibly due to data imbalance and the limitation of classifier. 
Motivated by the improved research results of ensemble learning, 
this paper investigates an ensemble method for SER via 
aggregating results from several base classifiers. In this study, 
considering the outstanding performance of Recurrent Neural 
Network (RNN) in different speech tasks and Residual network 
(ResNet) in image related classification, we chose RNN and ResNet 
acting as base classifiers. Experiments show that our proposed 
ensemble SER system outperforms the state-of-art single classifier-
based SER system.  

Keywords—Speech emotion recognition; recurrent neural 
network; residual network; ensemble learning.   

I. INTRODUCTION 

Emotion recognition is an important ability for computer to 
provide good experience in human-computer interaction. Due 
to this, speech emotion recognition (SER) has become an 
active research area with variety applications. Literature 
shows that there are many research outcomes of SER since 
1980s [1]. However, in our opinion, SER is indeed a difficult 
machine hearing task. Compared with speech recognition task, 
there are relatively few public research datasets for SER task. 
As a result, up to now, SER is still an open challenge in 
research community. 

In principle, SER system derives an emotion recognition 
decision on either short segment or utterance level, depending 
on the way target label is assigned. For segment-level emotion 
recognition, the target label is assigned to each single segment 
of the utterance. Low-level descriptors (LLDs) are extracted 
from speech frame as input to the sequential classifier, which 
mainly uses Gaussian mixture model (GMM) [2] or hidden 
Markov model (HMM) [3] to model the distribution of 
emotion state of speaker. For utterance-level emotion 
recognition, the target label is given on a whole utterance. 
Statistics are computed for LLDs over all frames in an 
utterance as global feature, which is input to a discriminative 
classifier such as support vector machine (SVM) [4], decision 

trees [5] or K-nearest neighbor [6]. Research results indicate 
that feature design is an important step for conventional SER 
methods. However, it is not a trivial job to figure out the 
optimal feature set for SER tasks. Usually, researchers have to 
select them empirically through experimental trails. 

Recently, deep neural network has been introduced to the 
field of SER [6-9] since it has the ability to learn hierarchical 
high-level representation from raw features. In [7], DNN is 
designed to learn short time segment-level features while the 
extreme learning machine (ELM) is used for final utterance-
level classification. In [8], authors proposed a Recurrent 
Neural Network (RNN) based framework with maximum-
likelihood learning criterion to model random label sequence 
of an utterance, which gives an improved SER recognition 
accuracy. Work in [9] investigated different RNN 
architectures and introduced a local attention mechanism to 
weight frames accordingly. In [10], the convolutional neural 
network is successfully designed to learn salient and 
discriminative features for SER. 

Carefully evaluating the SER results from different 
methods discussed above but on same dataset, there is an 
interesting finding from the confusion matrix, where it is clear 
that different classifier with same LLDs can gain different 
recognition accuracy on each emotion category. This indicates 
that single SER classifier hardly performs well on all emotion 
categories. For example, a SVM-based classifier may fail to 
correctly recognize the happy emotion while DNN-based one 
is superior in that. Such different capability is possibly related 
to data imbalance and SER system’s modeling capability.  

In this study, triggered by this finding, aiming at 
improving SER recognition ability, we propose an ensemble 
learning SER method with two neural network base classifiers. 
As suggested in [11], in order to obtain better generalization, 
base classifiers used in ensemble system are required to be as 
much different as possible in terms of architecture. Hence, in 
this work, RNN with LSTM block and wide residual network 
are chosen as base classifiers since the former has proved 
suitable for processing sequential data and the latter gives the 
state-of-art in image classification. Besides, to balance the 
short term characterization at frame level and long term 
global aggregation at utterance level, we design the RNN to 
be trained at utterance-level for capturing contextual emotion 
information and the wide residual network at segment-level 
for modeling the subtle emotion cues, respectively. 

Proceedings of APSIPA Annual Summit and Conference 2017 12 - 15 December 2017, Malaysia

978-1-5386-1542-3@2017 APSIPA APSIPA ASC 20171351



 

The paper is organized as follows. In the next section, RNN 
and wide residual network are introduced in brief for 
presentation clarity. The proposed ensemble SER system and 
its subsystems are given in section 3. Experiments will be 
shown in section 4 and conclusion is drawn in section 5.  

II. PRELIMINARY 

Two neural networks are introduced as the base classifiers 
of our proposed ensemble SER system, namely recurrent 
neural network and wide residual network. For presentation 
completeness, here we briefly introduce the basic concepts. 

A. RNN with LSTM block 

RNN is powerful for processing sequential data due to the 
unique net framework. Recurrent connection of its hidden unit 
propagates hidden state from a time step of input sequence to 
the next time step. Such recurrence repeats from the first time 
step to the last, that the sequential correlation can be well 
modeled. 

Research shows that RNN’s performance degrades when 
input a long sequence because of the gradient vanishing 
problem. To overcome it, LSTM (Long Short Term Memory) 
model with a new structure is proposed [12]. 

Generally, a LSTM block contains four main elements: an 
input gate i, a forget gate f, an output gate o and a self-
connected memory cell c. These gates are responsible for 
modulating the interaction between memory cell’s state of 
current time step and its state of previous time step. For input 
xt at time step t, let it, ft, ot, ct and ht denote the value of i, f, o 
gate, memory cell and LSTM layer output, respectively, 
which are given by 

 1 1tanh( )t xi t hi t ci t ii W x W h W c b− −= + + +   (1) 

 1 1tanh( )t xf t hf t cf t ff W x W h W c b− −= + + +   (2) 

 1 1tanh( )t t xc t hc t c t tc i W x W h b f c− −= ⋅ + + + ⋅   (3) 

 1 0tanh( )t xo t ho t co to W x W h W c b−= + + +   (4) 

 tanh( )t t th o c= ⋅   (5) 

where Wx., Wh., Wc. represents the weight matrix between 
layer input, layer output, memory cell and each gate 
respectively; b. represents bias for each gate.  

B. Wide Residual Network 

It is a common sense that CNN gets more difficult to train 
as it goes deeper due to gradient vanishing problem. To 
overcome this, a residual network (ResNet) is proposed [13], 
which has shown great success when its depth is much deeper 
than conventional CNN while the improved recognition 
accuracy is achieved. 

Inspired by the success of ResNet going deeper, an 
alternative approach called wide residual network (WRN) was 
proposed [14], which achieves better accuracy with decreased 
depth but increased width in network architecture.  

In principle, ResNet is sequentially stacked by residual 
block, which usually contains two consecutive convolutions 
with batch normalization (BN) and ReLu activation preceding 
each. Compared to conventional ResNet, WRN increases the 
number of filters in each convolution by k 

times to widen the convolutional layers and enhance the 
representation ability of each layer consequently. Research 
study demonstrates that WRN with widened structure can get 
the same accuracy as conventional ResNet with much 
shallower depth [14]. Fig. 1 shows the block diagram of a 
residual block and the structure of a WRN. Four types of 
residual block are used in WRN. All of them has a 
convolution filter with size of 3 3× and their filter number are 
16,16 k× , 32 k× , 64 k×  respectively. Consecutive N residual 
blocks of the same type is viewed as a group. These four 
groups are stacked on end, and finally the average pooling 
layer and softmax layer are added to complete a WRN.  

III. PROPOSED SER METHOD 

As discussed above, we propose an ensemble method for 
SER via aggregating results from several base classifiers. In 
detail, RNN and WRN are taken as base classifiers, among 
which WRN is introduced to the field of SER for the first time. 
Each base classifier is viewed as a subsystem, which can 
implement SER independently. In this section, we will 
introduce the details of two subsystems and our proposed 
ensemble SER system.  

A. RNN-based subsystem 

The block diagram of RNN-based subsystem is shown in 
Fig. 2. It is noted that the input to RNN is time sequential 
feature vectors of an utterance, which is denoted as s(1) ,…, 
s(T). Actually, s(t) is the tth segment extracted by a fixed 
window and it is taken as the input of RNN-based subsystem 
at the tth time step. The target label is given on a whole 
utterance. As illustrated in Fig. 2, at each time step, the raw 
feature vector is processed by a dense layer and 

 
Fig. 2   RNN-based subsystem 
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Fig. 1   (a) residual block       Fig. 1   (b) structure of WRN 
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then a LSTM layer. Outputs from different time step pool 
together and the average is computed as the utterance’s global 
feature, which is fed to a softmax layer and produce a 
probability distribution vector over emotion categories. The 
cross entropy is taken as loss function when training the 
network.  

Moreover, to better understand the formation of segment 
input, one example is given here. Given feature vector f(t) 
extracted from frame time t and window size w, the segmental 
feature vector s(t) can be presented as [f(t-w),…, f(t),…, 
f(t+w)]. In this work, f(t) consists of 12-d MFCC, energy, 
zero crossing rate, voice probability, fundamental frequency 
and their delta features across time frames, 32 dimensions in 
total. 

B. WRN-based subsystem 

The block diagram of WRN-based subsystem is shown in 
Fig. 3. Spectrogram of an utterance is first divided into 
segments and then a WRN is trained on segmental 
spectrogram to generate emotion category distribution for 
each segment. From these segment-level emotion category 
distributions, utterance-level global features are constructed 
and input to a softmax classifier to determine the category of 
the whole utterance. To conclude, this subsystem consists of 
two parts, a WRN classifying on segment-level and a softmax 
classifier on utterance-level. 

 
In training stage, WRN is firstly trained and target label for 

each segment is assigned to the emotion category of utterance 
it belongs to. Then global features of training utterances are 
computed from the output of WRN, which are used to train 
the softmax classifier in the end with their utterance label. 
The details of global feature are given next. 

Global features are a series of statistics. Let there are K 
emotion categories to be recognized and Ps(Ek) denote the 
probability of segment s belonging to emotion Ek. Taking the 
ith utterance for example, statistics are computed for 

1, 2, ,k K= … using following equations, where U denotes the 
set of segments in utterance i: 

 1 ( )/ | |k s k
s U

f P E U
∈

=  (6) 

 2 min ( ),k s kf P E s U= ∈   (7) 

 3 max ( ),k s kf P E s U= ∈   (8) 

 4 | ( ) 0.5 | / | |k s kf P E U= >   (9) 

where 1
kf , 2

kf and 3
kf represent the mean, minimum and 

maximum probability of Ek for utterance i 
respectively. 4

kf gets the fraction of segments whose 

probability is larger than 0.5. Concatenating statistics of all K 

categories together into one vector, the global feature vector is 
formed as 1 2 3 4 1 2 3 4

1 1 1 1[ , , , ,..., , , , ]K K K Kf f f f f f f f .  

C. Ensemble system 

RNN-based and WRN-based subsystems both generate 
probability distribution vector to determine the recognition 
result. To realize ensemble, we sum up two vectors to form a 
new global feature. Specifically, given training dataset 
( , ), 1,...,i ix y i N= , where xi is a raw speech signal, iy  is the 

target class and N is the number of training sample, firstly 
RNN and WRN-based subsystems are  trained independently. 
For the ith utterance, each subsystem outputs a probability 
vector denoted as 1( ,..., )K

i ir r and 1( ,..., )K
i iw w respectively. 

Therefore, a new global feature vector iP  is given by 

element-wise addition expressed as   
 1 1 1( ,..., ) ( ,..., ) ( ,..., )K K K

i i i i i i iP p p r r w w= = +   (10) 

In ensemble layer, ( , ), 1,...,i iP y i N=  is used as training 

data to train a softmax classifier. 

 
In testing stage, for a test utterance, the probability 

distributions from RNN and WRN-based subsystems are 
computed first. Then, the global feature vector Pi is generated 
by (10). Finally softmax yields the prediction. 

IV. EXPERIMENTS AND ANALYSIS 

A. Experimental Setup 

The performance of our proposed ensemble SER system is 
evaluated using the public research corpus IEMOCAP. The 
corpus is composed of five sessions from 10 speakers, and in 
each session a pair of actors talk to each other according to 
given scripts or improvise in a pre-defined situation. In our 
experiments, we take four emotion categories:  angry, neutral, 
sadness and excitement, which represent the majority of 
emotion categories in the corpus. Experiments are conducted 
in a speaker-independent manner. Four sessions from 8 
speakers are chosen as training data, the remaining one from 2 
other speakers as test. The detail of used dataset is described 
in Table I. It is clear that training samples are pretty 
imbalanced across all categories.  

 For RNN-based subsystem, speech signal is converted into 
frames with a sliding window of 25 ms at step of 10 ms. A 
segment is formed by 25 successive frames without overlap, 
thus the length of one segment is 10ms 24+25ms 265ms× = . 

utterance i

RNN-based 
subsystem

WRN-based 
subsystem

( )1,..., K
i ir r ( )1,..., K

i iw w

( )1,..., K
i ip p

softmax 
classifier

emotion state
 

Fig. 4   Ensemble system 

 
Fig. 3   WRN-based subsystem 
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Research has shown that a speech segment longer than 250ms 
can encode sufficient emotion information [15]. In this way, 
32-dim low level feature is expanded to 800-dim segmental 
feature vector. Then all segments are normalized into zero 
mean and unit variance. Therefore, the input layer of RNN 
has 800 neurons corresponding to the 800-dim segmental 
feature vector. The sigmoid dense layer and LSTM layer both 
have 256 nodes. 

For WRN-based subsystem, the frame width is 32 ms and 
sliding step is 10 ms. 512-point short time Fourier 
transformation (STFT) is applied to each Hanning windowed 
frame. We use a log-scale magnitude of STFT to extract 
spectrogram. Size of one segment is set to 30 frames, thus the 
length of a segment is 322 ms. Every two adjacent segments 
has an overlap of 15 frames. As a result, input of WRN is a 
data matrix with 257 30×  dimensions. Total depth of WRN is 
28, with N=4 and k=2.  

To measure the performance, the weighted accuracy (WA) 
and the unweighted accuracy (UA) are reported for two 
subsystems and the ensemble system, where WA is the 
classification accuracy on the entire dataset and UA is the 
average accuracy of each category. 

B.  Experimental Results 

 Table II shows the confusion matrices directly resulted 
from two subsystems. We can see that neutral emotion is the 
easiest to distinguish, angry second, sadness the next and 
excitement is the most difficult to recognize, which is the 
same as decreasing order of each emotion category’s training 
sample number.  

 
More specifically, WRN-based subsystem has the ability 

to recognize angry and neutral better than RNN-based one 

and they perform equally on sadness, but RNN-based 
subsystem is more sensitive to excitement. On the whole, 
RNN-based subsystem can evenly recognize each emotion 
better over an imbalanced data set. Moreover, in Table II, the 
confusion matrix from ensemble system is presented and we 
can see that the ensemble system obtains recognition ability 
for angry and neutral from WRN-based subsystem, and that 
for excitement from RNN-based subsystem while maintaining 
the same level of recognition ability for sadness as two 
subsystems. To judge performance on the whole dataset, the 
UA and WA of each system are presented in Table III. 
Compared to RNN-based SER method and WRN-based one, 
the proposed ensemble system shows around 2% and 3% 
improvement in UA and WA, respectively. Moreover, on the 
same dataset, comparing the results of 0.5213 in UA and 
0.5791 in WA using classical DNN-ELM method reported by 
[8], our proposed method exceeds slightly.  

 

V. CONCLUSION AND FUTURE WORK 

In this paper, we developed an ensemble SER method using 
RNN and WRN as base classifiers. This method aims at 
improving SER accuracy by combining advantages of two 
DNN classifiers with different network architectures. 
Specifically, RNN models the sequential information and 
predicts at utterance level, while WRN learns the 
representation of spectrogram and predict at segment level. 
Experiments confirm the effectiveness of the ensemble SER 
method compared with non-ensemble SER method. Besides, 
we initially employ WRN in the field of SER and it shows 
comparable with mainstream RNN-based method. It is a bit 
disappointed that the improvement from ensemble learning 
approach is not significant in this study. There are possible 
two reasons, one is the data imbalance problem and another is 
the base classifier design problem. In our future work, we will 
further investigate the data augmentation method to relieve 
the influence of data imbalance and introduce bi-directional 
LSTM to reinforce the system’s modeling ability for speech 
sequence. 

ACKNOWLEDGMENT 

This project was partially supported by Shenzhen Science 
& Technology Fundamental Research Programs (No: 
JCYJ20170306165153653 & JCYJ20150331165212372). 

REFERENCES 

[1] Ververidis, Dimitrios, and Constantine Kotropoulos. "Emotional 
speech recognition: Resources, features, and methods." Speech 
communication 48.9 (2006): 1162-1181. 

 
TABLE   I 

DATASET DESCRIPTION 
 

Emotion 
category 

Training set 
(utterances) 

Test set 
(utterances) 

Total 
(utterances)  

angry 933 170 1103 
neutral 1324 384 1708 

sad 839 245 1084 
excitement 742 299 1041 

TABLE   III 
COMPARISON OF DIFFERENT SYSTEMS IN UA AND WA 

 

system UA WA 

RNN-based 0.5644 0.5665 
WRN-based 0.5616 0.5537 

ensemble 0.5887 0.5938 

Proceedings of APSIPA Annual Summit and Conference 2017 12 - 15 December 2017, Malaysia

978-1-5386-1542-3@2017 APSIPA APSIPA ASC 20171354



 

[2] Neiberg, Daniel, Kjell Elenius, and Kornel Laskowski. 
"Emotion recognition in spontaneous speech using GMMs." 
Interspeech. 2006. 

[3] Nwe, Tin Lay, Say Wei Foo, and Liyanage C. De Silva. 
"Speech emotion recognition using hidden Markov models." 
Speech communication 41.4 (2003): 603-623. 

[4] Mower, Emily, Maja J. Mataric, and Shrikanth Narayanan. "A 
framework for automatic human emotion classification using 
emotion profiles." IEEE Transactions on Audio, Speech, and 
Language Processing 19.5 (2011): 1057-1070. 

[5] Kostoulas, T. P., and Nikos Fakotakis. "A speaker dependent 
emotion recognition framework." Proc. 5th International 
Symposium, Communication Systems, Networks and Digital 
Signal Processing (CSNDSP), University of Patras. 2006. 

[6] Pao, Tsang-Long, et al. "Comparison of several classifiers for 
emotion recognition from noisy mandarin speech." Intelligent 
Information Hiding and Multimedia Signal Processing, 2007. 
IIHMSP 2007. Third International Conference on. Vol. 1. IEEE, 
2007. 

[7] Han, Kun, Dong Yu, and Ivan Tashev. "Speech emotion 
recognition using deep neural network and extreme learning 
machine." Interspeech. 2014. 

[8] Lee, Jinkyu, and Ivan Tashev. "High-level feature 
representation using recurrent neural network for speech 
emotion recognition." INTERSPEECH. 2015. 

[9] Mirsamadi, Seyedmahdad, Emad Barsoum, and Cha Zhang. 
"AUTOMATIC SPEECH EMOTION RECOGNITION USING 
RECURRENT NEURAL NETWORKS WITH LOCAL 
ATTENTION." 

[10] Mao, Qirong, et al. "Learning salient features for speech 
emotion recognition using convolutional neural networks." 
IEEE Transactions on Multimedia 16.8 (2014): 2203-2213. 

[11] Cunningham, Padraig, and John Carney. "Diversity versus 
quality in classification ensembles based on feature selection." 
European Conference on Machine Learning. Springer Berlin 
Heidelberg, 2000. 

[12] Hochreiter, Sepp, and Jürgen Schmidhuber. "Long short-term 
memory." Neural computation 9.8 (1997): 1735-1780. 

[13] He, Kaiming, et al. "Deep residual learning for image 
recognition." Proceedings of the IEEE Conference on Computer 
Vision and Pattern Recognition. 2016. 

[14] Zagoruyko, Sergey, and Nikos Komodakis. "Wide residual 
networks." arXiv preprint arXiv:1605.07146 (2016). 

[15] Kim, Yelin, and Emily Mower Provost. "Emotion classification 
via utterance-level dynamics: A pattern-based approach to 
characterizing affective expressions." Acoustics, Speech and 
Signal Processing (ICASSP), 2013 IEEE International 
Conference on. IEEE, 2013. 

Proceedings of APSIPA Annual Summit and Conference 2017 12 - 15 December 2017, Malaysia

978-1-5386-1542-3@2017 APSIPA APSIPA ASC 20171355



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType true
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeDevanagari-Bold
    /AdobeDevanagari-BoldItalic
    /AdobeDevanagari-Italic
    /AdobeDevanagari-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /Aharoni-Bold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /Andalus
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /Aparajita
    /Aparajita-Bold
    /Aparajita-BoldItalic
    /Aparajita-Italic
    /ArabicTypesetting
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /Calibri-Light
    /Calibri-LightItalic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /CMB10
    /Cmb10
    /CMBSY10
    /Cmbsy10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /CMBX10
    /Cmbx10
    /CMBX12
    /Cmbx12
    /CMBX5
    /Cmbx5
    /CMBX6
    /Cmbx6
    /CMBX7
    /Cmbx7
    /CMBX8
    /Cmbx8
    /CMBX9
    /Cmbx9
    /CMBXSL10
    /Cmbxsl10
    /CMBXTI10
    /Cmbxti10
    /CMCSC10
    /Cmcsc10
    /CMCSC8
    /Cmcsc8
    /CMCSC9
    /Cmcsc9
    /CMDUNH10
    /Cmdunh10
    /CMEX10
    /Cmex10
    /CMEX7
    /CMEX8
    /CMEX9
    /CMFF10
    /Cmff10
    /CMFI10
    /Cmfi10
    /CMFIB8
    /Cmfib8
    /CMINCH
    /Cminch
    /CMITT10
    /Cmitt10
    /CMMI10
    /Cmmi10
    /CMMI12
    /Cmmi12
    /CMMI5
    /Cmmi5
    /CMMI6
    /Cmmi6
    /CMMI7
    /Cmmi7
    /CMMI8
    /Cmmi8
    /CMMI9
    /Cmmi9
    /CMMIB10
    /Cmmib10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /CMR10
    /Cmr10
    /CMR12
    /Cmr12
    /CMR17
    /Cmr17
    /CMR5
    /Cmr5
    /CMR6
    /Cmr6
    /CMR7
    /Cmr7
    /CMR8
    /Cmr8
    /CMR9
    /Cmr9
    /CMSL10
    /Cmsl10
    /CMSL12
    /Cmsl12
    /CMSL8
    /Cmsl8
    /CMSL9
    /Cmsl9
    /CMSLTT10
    /Cmsltt10
    /CMSS10
    /Cmss10
    /CMSS12
    /Cmss12
    /CMSS17
    /Cmss17
    /CMSS8
    /Cmss8
    /CMSS9
    /Cmss9
    /CMSSBX10
    /Cmssbx10
    /CMSSDC10
    /Cmssdc10
    /CMSSI10
    /Cmssi10
    /CMSSI12
    /Cmssi12
    /CMSSI17
    /Cmssi17
    /CMSSI8
    /Cmssi8
    /CMSSI9
    /Cmssi9
    /CMSSQ8
    /Cmssq8
    /CMSSQI8
    /Cmssqi8
    /CMSY10
    /Cmsy10
    /CMSY5
    /Cmsy5
    /CMSY6
    /Cmsy6
    /CMSY7
    /Cmsy7
    /CMSY8
    /Cmsy8
    /CMSY9
    /Cmsy9
    /CMTCSC10
    /Cmtcsc10
    /CMTEX10
    /Cmtex10
    /CMTEX8
    /Cmtex8
    /CMTEX9
    /Cmtex9
    /CMTI10
    /Cmti10
    /CMTI12
    /Cmti12
    /CMTI7
    /Cmti7
    /CMTI8
    /Cmti8
    /CMTI9
    /Cmti9
    /CMTT10
    /Cmtt10
    /CMTT12
    /Cmtt12
    /CMTT8
    /Cmtt8
    /CMTT9
    /Cmtt9
    /CMU10
    /Cmu10
    /CMVTT10
    /Cmvtt10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /DaunPenh
    /David
    /David-Bold
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Dcsl10
    /Dcsltt10
    /Dcss10
    /Dcssbx10
    /Dcssi10
    /Dctcsc10
    /Dcti10
    /Dctt10
    /Dcu10
    /Desdemona
    /DFKaiShu-SB-Estd-BF
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DokChampa
    /DomCasual
    /Dotum
    /DotumChe
    /DoulosSIL
    /Ebrima
    /Ebrima-Bold
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /Euex10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /Eufb10
    /EUFB5
    /Eufb5
    /EUFB7
    /Eufb7
    /EUFM10
    /Eufm10
    /EUFM5
    /Eufm5
    /EUFM7
    /Eufm7
    /EuphemiaCAS
    /EURB10
    /Eurb10
    /EURB5
    /Eurb5
    /EURB7
    /Eurb7
    /EURM10
    /Eurm10
    /EURM5
    /Eurm5
    /EURM7
    /Eurm7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EUSB10
    /Eusb10
    /EUSB5
    /Eusb5
    /EUSB7
    /Eusb7
    /EUSM10
    /Eusm10
    /EUSM5
    /Eusm5
    /EUSM7
    /Eusm7
    /FangSong
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /Gabriola
    /Gadugi
    /Gadugi-Bold
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /Gautami-Bold
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /Gisha
    /Gisha-Bold
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /IskoolaPota
    /IskoolaPota-Bold
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPCBold
    /JasmineUPCBoldItalic
    /JasmineUPCItalic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /KaiTi
    /Kalinga
    /Kalinga-Bold
    /Kartika
    /Kartika-Bold
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KhmerUI
    /KhmerUI-Bold
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPCBold
    /KodchiangUPCBoldItalic
    /KodchiangUPCItalic
    /Kokila
    /Kokila-Bold
    /Kokila-BoldItalic
    /Kokila-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /LaoUI
    /LaoUI-Bold
    /Lasy10
    /Lasy5
    /Lasy6
    /Lasy7
    /Lasy8
    /Lasy9
    /Lasyb10
    /Latha
    /Latha-Bold
    /LatinWide
    /Lcircle10
    /Lcirclew10
    /Lcmss8
    /Lcmssb8
    /Lcmssi8
    /Leelawadee
    /LeelawadeeBold
    /Leelawadee-Bold
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LevenimMT
    /LevenimMT-Bold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Line10
    /Linew10
    /Lithos-Black
    /Lithos-Regular
    /Logo10
    /Logo8
    /Logo9
    /Logobf10
    /Logosl10
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /MalgunGothic
    /MalgunGothicBold
    /MalgunGothicRegular
    /Mangal
    /Mangal-Bold
    /Map-Symbols
    /Marlett
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Meiryo
    /Meiryo-Bold
    /Meiryo-BoldItalic
    /Meiryo-Italic
    /MeiryoUI
    /MeiryoUI-Bold
    /MeiryoUI-BoldItalic
    /MeiryoUI-Italic
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftHimalaya
    /MicrosoftJhengHeiBold
    /MicrosoftJhengHeiRegular
    /MicrosoftJhengHeiUIBold
    /MicrosoftJhengHeiUIRegular
    /MicrosoftNewTaiLue
    /MicrosoftNewTaiLue-Bold
    /MicrosoftPhagsPa
    /MicrosoftPhagsPa-Bold
    /MicrosoftSansSerif
    /MicrosoftTaiLe
    /MicrosoftTaiLe-Bold
    /MicrosoftUighur
    /MicrosoftUighur-Bold
    /MicrosoftYaHei
    /MicrosoftYaHei-Bold
    /MicrosoftYaHeiUI
    /MicrosoftYaHeiUI-Bold
    /Microsoft-Yi-Baiti
    /MingLiU
    /MingLiU-ExtB
    /Ming-Lt-HKSCS-ExtB
    /Ming-Lt-HKSCS-UNI-H
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MongolianBaiti
    /MonotypeCorsiva
    /MonotypeSorts
    /MoolBoran
    /MSAM10
    /Msam10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /Msbm10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MTExtraTiger
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /MyriadArabic-Bold
    /MyriadArabic-BoldIt
    /MyriadArabic-It
    /MyriadArabic-Regular
    /Myriad-Bold
    /Myriad-BoldItalic
    /MyriadHebrew-Bold
    /MyriadHebrew-BoldIt
    /MyriadHebrew-It
    /MyriadHebrew-Regular
    /Myriad-Italic
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Regular
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NirmalaUI
    /NirmalaUI-Bold
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /Nyala-Regular
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /PlantagenetCherokee
    /Playbill
    /PMingLiU
    /PMingLiU-ExtB
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /rblmi
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /SakkalMajalla
    /SakkalMajallaBold
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoePrint
    /SegoePrint-Bold
    /SegoeScript
    /SegoeScript-Bold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /SegoeUI-Light
    /SegoeUI-SemiBold
    /SegoeUI-Semilight
    /SegoeUISymbol
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShonarBangla
    /ShonarBangla-Bold
    /ShowcardGothic-Reg
    /Shruti
    /Shruti-Bold
    /SILDoulosIPA
    /SimHei
    /SimplifiedArabic
    /SimplifiedArabic-Bold
    /SimplifiedArabicFixed
    /SimSun
    /SimSun-ExtB
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /SymbolTiger
    /SymbolTigerExpert
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalPSMT
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Tiger
    /TigerExpert
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /TraditionalArabic
    /TraditionalArabic-Bold
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga
    /Tunga-Bold
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Umb10
    /Umbx10
    /Umbxsl10
    /Umbxti10
    /Umitt10
    /Umr10
    /Umsltt10
    /Umti10
    /Umtt10
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /Utsaah
    /Utsaah-Bold
    /Utsaah-BoldItalic
    /Utsaah-Italic
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Vani
    /Vani-Bold
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /Vijaya
    /Vijaya-Bold
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Vrinda-Bold
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00167
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<


    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200036002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200036002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>



    /HUN <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 6.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200036002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 6.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>


    /SKY <>

    /SUO <>
    /SVE <>
    /TUR <>

    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 6.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [300 300]
  /PageSize [612.000 792.000]
>> setpagedevice


