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Figure 2. (a) Schematic depiction of temporal invariance vs. temporal equivariance. (b) Overview of our PAL pretext task. Given
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Method Viodal  Dafaset  Backbone TRXSR® FLOPs TAD Task (G-TAD [63]) APG Task (BMN [36])
(perclip)  (perclipp mMAP@0.5 @075 @095 AVG AR@1 @10 @100 AUC
CoCLR [28] V+F K400 $3D 32x1282 472G 479 322 73 319 327 535 739 650
XDC[2] V+A IG65M  RQ2+DD-18  32x2242  3252G 484 2.6 76 323 332 541 740 654
" MoCov2[ie]* VT Kd00 BD  8x1122° T 36G 466 307 63 303 308 535 724 640
VideoMoCo [44]  V K400 R2+1)D-18  32x1122 813G 47.8 2.1 70 317 318 539 728 651
RSPNet [13] v K400 R2+D)D-18  16x1122  40.6G 47.1 3.2 71 309 315 533 722 641
AoT [57] 1 v K400 TSM-Res50 8x2242  33G 441 289 59 288 - - - -
SpeedNet [5] { v K400 TSM-Res50  8x2242  33G 445 205 61 294 - - - -
PAL (Ours) v K400 13D 8x1122 346G 493 340 79 334 337 559 750 668
PAL (Ours) v K700 13D 8x1122  3.6G 50.7 355 87 346 342 578 760 681
TAC * v K400 3D 8x1122  36G 485 329 72 325 323 546 735 656
BSP[61] v K400 TSM-Res50  8x2242  33G 50.9 356 80 348 337 574 7155 676
LoFi-E2E [62] V  K400+ANet TSM-Resl8 8x2242  14.6G 50.4 354 89 344 = . . .
TSP [1] V  K400+ANet R(2+1)D-34 16x1122 764G 513 371 93 358 350 590 766 690
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Sep.Pre. [74] Kinetics

LocVTP (Ours) HT?
© VideoBERT*[49] HT
MIL-NCE [38] HT
UniVL [35] HT
SupportSet* [41] HT

Frozen [4] CC,WV
OA-Trans*[54] CC, WV
LocVTP (Qurs) CC,WV

December [52] HT
ClipBERT [26] CO,VG

44.4 27.1 776 62.1
45.2 27.1 78.3 63.5
37.2 21.0 66.7 53.6
41.8 24.5 73.5 57.7
42.2 25.4 75.3 60.5
41.9 25.2 74.7 58.3
43.3 25.8 75.8 59.3
43.6 25.9 76.5 60.2
46.1 27.6 78.9 63.7

43.0 25.1 76.0 60.2
42.6 24.6 75.3 59.7

39.7 23.8 79.6 52.3
40.3 24.2 80.6 52.7
32.7 19.5 68.1 46.2
37.0 21.2 74.3 50.4
38.2 22.7 77.2 51.4
37.4 21.6 75.6 50.9
38.8 22.9 77.6 50.3
39.2 22.6 78.5 50.8
41.2 24.8 81.3 53.5

37.2 21.6 78.3 50.6

37.0 20.8 77.7 50.2
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37.2 25.6 58.2 45.5
38.4 25.9 59.0 45.9
33.8 22.2 51.6 41.0
35.1 23.5 53.7 42.5
35.7 23.7 55.8 43.7
35.5 23.5 54.2 43.2
35.7 23.5 54.4 43.7
35.2 22.5 53.4 42.6
39.6 27.8 60.4 47.9

34.8 22.9 55.1 43.9
33.7 21.0 54.3 43.3
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Setting CDA Data Languages English (En)  Chinese (Zh) English (En) Chinese (Zh) German (De)  French (Fr)

Corruption En Zh De Fr B4 M RL C B4 RL C B4 M RL C S B4 RL C B4 RL C B4 RL C
Full i v v v W 87 15.0 354 99 7.1 296 9.8 9.6 144 349 299 8.7 8.4 318 18.0 57 272 17.1 2.8 18.6 24.8
(a) Vv - VoV oV 15 102 248 37 79 186 29 1.0 77 190 57 3.0 07 177 35 0.0 152 35 05 101 8.0
(b) - Vv vV v Vv /06 75 227 05 00 168 05 07 53 158 1.0 1.0 0.0 149 07 0.0 114 07 00 72 28
(©) - vV vV VY Fail
(d) Vv v Vv 7.3 146 340 90 - - - 93 142 343 275 83 - - - -
(e) Vv Vv Vv - - - - 64 28186 - - - - 80 304 175 - - - -
1G] Vv Vv v - - - - - - 36 253 138 - - -
(® Vv Vv v - - - - 23178 212




b) I & 25 T 405 5% SR 22 1B H & N S B S S s iR U vk . T
CAARA R 2 & 1) E AR — 8 R—% 4K (subject-relation—object) UK R &5 A%
mﬂéiéﬂ » SERALSEAR S S50 5 BESAETE SUZ T RS HEXS 575 RN, 4nEd 4 fr

I 5 AR R R IR FIRER (Visual Relation-Aware Module, VRAM) , {EFE
@UH ifl_ﬁtljﬁ RO & v B — B IRRE AT @& ROINARL, A RS A
X5 I TE SO, ATTAE TE 78 N TARTE ISR R SE s R0 A ) sh A
SR AER . WK 4 iR, 1Z7EE MSVD. MSR-VTT 55 =2 I A0 AT i 3
Hya sk b, MBCT TS S JC & U5, /£ CIDEr. METEOR 451
N8 P iEds EXBAS T R EERERET, BWE 7 et 2 A B IE R 5
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= [
<woman, riding, horse>

1
: <woman, riding on a, fram> h pseudo A woman rides on a horse
i <horse, running in, field> — caption [«—{ inasmall grassy field.
visual rc!ation : <person, riding in, paddock> : retrieve A young woman rides a
detection N 1 horse across a rivier and up
detecetd visual relation ahill.
pseudo caption \ corpus

______________________

Linear

il

K 4 VRAM HiEmFEE

X 4 BEVELE CIDEr BUR4E ks

Corpus  Method BLEU@4 | METEOR ROUGE_L | CIDEr
TVC full model 53+0.2 16.2+1.1 406+17 88+09
w/o VRAM [3.6+12 |143+1.1 39.9+20 42+0.8
w/o Relation | 4.24+0.7 [16.14+0.6 |40.0+1.9 3.3+1.8
GCC full model 48+0.8 142405 38.4+1.8 12.9+2.0
w/o VRAM [14+05 [11.8+1.1 |325+18 6.5+24
w/o relation |5.6+1.4 159+0.7 40.7+43 28+1.2
VATEX | full model 96+13 (201+09 421+39 13.21+0.8
w/o VRAM |6.7+1.1 |[186+0.7 |39.2+19 83+09
w/o relation 5.8+ 1.7 |16.5+1.1 |37.1+49 1.3+0.3
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* 5 VATEX F#a4E b 503t Wi 08 7 1550 LU 1) S 24

K5 SRR b A HE

hi& BT i VATEX{$HE
Ef% | i&Eh | B0 | 28 | CIDEr BLEU4 METEOR ROUGEL
vATEX(4] - BD | - | - | 461 284 217 47.0
OpenBookl32] | |Rv2 |3D-RX| - | - | 546 325 23.1 49.2
MGCMP205] | |Rv2 |3D-RX| - | - | 576 342 235 50.3
ORG-TRLI3®] | Rv2 [3D-RX| - |#mk| 497 321 222 489
HRNATL206] Rv2 | 13D | - |#M&| 507 325  22.3 49.0
CAVC (%) | Rv2 [3D-RX| - |#&| 579 350 239 50.7
CAVC (&) (;:': a-rx| ¥ BB 606 376 250 52.4
Cocal108] CoCa | _ T T | s70 317 23.7 495
L14
+ CAVC (&) CoCa - - BZ| 556 325 23.9 49.8
L14
LLava-15L7T [ cLippig | - - | - | 671 390 253 52.7
+ CAVC (#X)|CLIPL14| - - | #& | 703 405 25.9 53.6




d) IRV KA B FE A, RIS TE S A iR = T, VC BB
ZRIfm s 2 Phik . R i H AR 5 -0 5 oo B B = a2 — AN E IR RS Ny
U, BREA R T AR A IR A i (Unpaired Video Captioning) J7 VAR 5T,
ANE TG AKX E 5 - H s 5 /K2 R4 (Pipeline System) #5155
MR R 2L, PREAHSPHT IR 1 — MR T A v N I RO R IR R 4t
(UVC-VD , W 6 . 1ZJ5iFEid st ss i AR (VIMD 5 25
[F i #s (MCE) , fECRMXATE S AR IEOL T, SE3L T I um ok 5 B brim
S BN EESNSNFEHEEFEAHE 6 ATLLEH, UVC-VI J7¥A{E CIDEr,
BLEU XMLl 4abr BB BN THERKL RS, B2 7oAk
BRI FI, 51N MCE #)5, RETE MSVD Al MSR-VTT %%
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Visual Pivot Caption (Textual-Enriched)
Embedding (English) Visual Embedding
i § a boy In blu g
color dress and
1 8 & (| biueshors = l,| Pivot
standing in boat Sentence
displaying on
screen
vz -
—
T
1
memmeme—em———e- i
¥
Pivot Caption
(English)
a boy in blue g
color dress and Pivot
blue shorts
ol standing in Sentence
boat displaying
On screen

K 6 UVC-VIHEH
# 6 UVC-VI £ MSVD 5 i Hedia 42 b seit ok

Dataset: MSVD Dataset: MSR-VTT

Types  Methods Features
BLEU-4 METEOR ROUGE-L CIDEr BLEU-4 METEOR ROUGE-L CIDEr

Setting: Conventional Supervised Video Captioning

AFccvann 1621 T+M+A - - - - 39.7 255 - 40.0
MA-LSTMacmmmz017) |[g I+M+A - - - 36.5 265 59.8 41.0
Two-streamTpamaoy [63] I+M 54.3 335 - 728 397 27.0 - 21
PickNetgccvas (64 I 523 333 696 765 394 273 597 423
...q RecNet &5 I 523 341 69.8 803 391 26.6 593 427

S ed (TPAMI2020)
‘é?';m DConvED s a0 1 533 338 - 764 395 275 - 128
(Section[g.1) POS-CGuccvans [66 I+M - - - - 383 26.8 60.1 434
STAT rvnz020) +M 52.0 33 - 738 393 27.1 - 438
GRU-EVEcvrrago) [22] +M 479 35.0 715 781 383 28.4 60.7 481
SAAT cyrraom) +M 165 35 694  8L0 405 282 60.9 491
SGN(aaatzon) 7 +M 52.8 35.5 729 943 4038 283 8 495
MGSAaaARNY) I+M+A N N - 454 28.6 - 50.1

Setting: Unpaired Video Captioning

Piveline MA-LSTM [19] + Google Translator [68]¢ 1M 131 295 658 533 315 239 542 306
S}gtm SAAT [5] + Google Translator [68]* I+M 164 302 664 611 352 258 572 378
(SectionB.3) SGN [7] + Google Translator I+M 50.7 326 692 729 380 267 57.1 396
Base Model +M(+A) 472 318 676 689 347 25.1 55.8 363
Proposed +M 496 347 703 834 372 26.8 577 437
(Section 3.3) UVCVI I+M+A B B E 389 278 595 445
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e) JHEE TIN5 T 5 I8 B & NI Z S0 55 145 777%  (Consensus-
Guided Keyword Targeting, CGKT) o 1% 7 1EE % WA P b AL 8 7 4= 1 Bl
S5 R RS e ot B ARy B O s . N TAREAA K S 2 7 5 o A AN 35 5%
. Gl 7 Froas, JEad ] AT A LR R R AR JE DAL ] 0 45 2K bR 2K
CGKT, AR EAR XA N ZREJAN R FE 0, F-45 5 T T 5 S 1] A
Hug, 5| SRR YT B AR B HAC I B BRSO, AT AR 5 ) B
e, ERAGIER SIS RIS S k. HEk 7 M

# 8 WM, ZHVELE MSVD. MSR-VTT 25 L shAM 5 5 iR R HoE 4
k-, £ CIDEr. BLEU@4. METEOR. ROUGE-L %/ #8bn 35 8 0 TR
TR 38 SURG I 25 AR R A5 A, I AE AN el B 2R S5 0 I RT3 T SRl 1 A e
REdE T, BRUE 1 TR H 2R H & N S SR IR RS T S S iR B 2 S
RUET7 TH A R S8 R

Annotation CIDEr
i i a band is playing and singing on stage +—

IDCNN Multi m.odahty - playmg ging g 92.66
Fusion sings at a concert 13317
module a band is performing a song 77.521—
a rock band is playing at a festival 72.861—
a rock band is playing on stage 104.77 1

2DCNN
Decoder Consensus Guided Keywords Targeting Loss

Kl 7 CGKT iRt AIHE

* 7 1E MSVD R E L Rseihss R

Method BLEU@4 | METEOR | ROUGE_L |CIDEr  AC
S2VT w/CE 45.8 35.6 70.1 79.2
S2VT w/CGKT 49.6 36.6 71.1 85.7  +8.2%
AttLSTM w/CE 49.5 36.5 71.1 88.2
AttLSTM w/CGKT 50.6 36.7 71.1 89.4 +1.3%
Semantic w/CE 51.0 37.1 71.2 89.4
Semantic w/CGKT | 51.1 37.4 71.7 93.0  +4.0%
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# 8 £ MSR-VTT E:iHEHIELE b1z 2

Method BLEU@4 METEOR ROUGE.L |CIDEr| AC
S2VT w/CE | 40.8 276 | 59.7 49.8
S2VT w/FL 40.7 27.8 59.9 50.6 | +1.6%
S2VT w/LS 41.6 27.9 60.4 50.8 | 42.0%
S2VT w/CGKT 41.4 27.7 60.2 52.0 | +4.4%

f) AT HEN IR S Is iR k. Wi 8 Fw, MR
B P AAERE AR R R M 3 AT A UL BEH LR AR 25 25 5 N E 8 fi &L 1 7]
W, Z 7 5| N B & N URFE 5 2] %S Adaptive Curriculum Learning (ACL),
XA SCAFEAR AT HEEHE T, HAEA R SR B 3 1 B k% 51508 2 Ji
2 Re ST VLEC I 25146, NI 5] SR Y i 5 BIMERIE D % 2], i3k 9 Fow,
TEIG R B DU B &5 0 AT 3R T 7R R sh &M e 7 s A 2 (1) )1 g fe e
M5 B AR RE

Caption

©
20 aa®™™
27.9 the whale breaches the water

36.9 a whale breaches out of the water

54.7 whale jumping out of water to get fish

60.0 whales jump through the water and collect fish

= - ¥ - — 26.8 aman and a woman are cooking
| &3 3 r]ﬁﬁ‘l‘; jﬁ_ 29.2 aman is ready for cooking
> S 9 t P ki I8 4

Simple

422 aman is showing a woman some kitchen tips

a man and a woman in a kitchen preparing green
baggies for use

Bl
- gl

‘f | f~,

60.0

41.3 aman dances in a playground while singing

48.3 there are kids playing and dancing on a playground

this is someone dancing on a playground with a
bunch of kids

a group of people playing and dancing at a
playground with music playing in background

Kl 8 MSR-VTT Hd & 13k = o341

Complex

63.3

76.4

12



# 9 1£ MSVD A1 MSR-VTT H#ase b = AR st ok

MSVD MSR-VTT
Model BLEU@4 METEOR ROUGE-L CIDEr | BLEU@4 METEOR ROUGE-L  CIDEr
TopDown [29] 51.8 34.1 71.8 87.6 399 27.1 60.5 45.4
w/ PCL 51.9 34.5 71.7 88.1 41.0 27.3 60.7 46.0
w/ ACL 53.6 352 72.9 89.6 41.5 27.1 60.9 46.9
ParAhLSTMat [34] 48.9 344 71.3 89.8 40.6 27.7 60.4 47.1
w/ PCL 50.0 344 71.9 90.3 40.8 27.8 61.0 48.1
w/ ACL 51.0 34.7 72.2 89.9 41.3 28.0 61.0 48.3
ARB [35] 47.5 34.8 71.1 88.8 41.2 28.6 60.4 48.8
w/ PCL 48.2 349 713 90.2 414 28.9 60.9 49.8
w/ ACL 48.3 354 72.0 90.5 42.6 28.9 61.5 51.3

3) EFEXEMENSIESEMIEXNKRIERRG LR

VR I FE 1 2 158 B AU 24 1 2 B im B il SOOC R AR EERE 7T, BE TS
BB HRALZ: 2] 5 m BB 55 R RHEETT R 7 .

a) JTREETIREEF)Seln ()55 B i P 3 e ATkt it GGERIanE 9 F5iR!
REIRBNGI HIE. SHRIRBEGIHE. ) o Bkt ECHEWE N5
FE BARERI ST, WM RE M S, TR IR Esh e, BIF] A R 2% 0}
FAT B SCHOB SE TN Fr iz s Bon @i . Mg 1 — M T BIGBR <z sh B
(Motion Graph) PLEREM“IE23)Z” (Motionness) 4G5, FEwih 175 HiER/L
K1zl 5] S4B %0 (Motion-guided Loss) , A I Yo Z i Fr M) 2 Ry i is
BNER, @R BB R 5N B S5E G0, R aHEERRA A B ) B Bl
AR FEMLEERN b, $2 HR AR B IR 2 12 3 S0 56 R B AR 1 719 I 25 1 ZR A =L 1Y
Filg, DU DAt 42 95 I8 B 22 749 27 21 v A8 SO 2K R B8O B 32 575 A AN TE )
M@, 3% 10 ATLLE L, £ THUMOS 14 #¥a4 b7l ahseab xh this, A
LU T AL Se 28 SO 2%, R FH BRARZHL 32 IR 63 51 S s sh 4 2Rk s EUS 1 i
EMTE RIS . BARBORRI, 72 IoU RIMEN 0.5 B, B FFREE (mAP)
H 23.8% KIERTTE 34.2%, HIMAG 5 ELHRER KL 5% 8 R A
0.087 F£% 0.004) , UiBH T DMP-Net 5k K A% ORI 5] S R AL 7EH)
I SRS | R e A S 2R B L T T T B SE PR S A R
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p Base Branch —
Apr
4
y Xn 4 4
y i
RGB =~ e ! T
! fEnee Ennanet i S H A a aa Aask.
. } e b | L = I =
: | 4 ol ¥ J_.“V,»\.\h-.-‘,\‘/-’. 1 A ¥ .
& = -

Flow

Optical e
' R st e

.
% ‘ fmot

Guidance Branch

K 9 DMP-Net HE &
% 10 DMP-Net /£ THUMOS 14 Z¥E 5 A [F] 451 2% pR B0 7 Rl =2 56 2%

mAP@IoU (%)
04 05 06 07

Lo Flow 440 342 235 131  0.004
L,rep 319 222 135 46  0.087

b) J T2 B A S 1) 2 B m B i SO RHEBE AW TE . AR, BhaSmt
FPAE B A SR 3R — B Ron A B — ki, IREA R TR T
Mz i 7 2245 (Frame-level Timeline Modeling, FTM) FJi8 H B 8] B R R 22 2
i EEILEL 10 Fros) , iZ77958 Rk 1 B I ) B 20038 5 - SR g sk LA [=] i
HEM AL I i AR IE 5 R B AL AR RS . DR BT PRt e 1 1 R T R 1)
it AR (Link-based framing technique) VATREAFERSRRIE, FFEIANBFEE
(Timeline aggregator) FEIREBENHE K NIES) )15, WE TG/ 5
“If PR A AR B AL ERZEM) . tHER 11 RTRLE I, EARLRIEE. (A S #
XL) VAAARARIN AR tef] (i 1% ™8R5 T, SRR FTM SR A
RIYE Reddit SEE0HREE B AKRBE S AL S5, IR L (AP) WEZFEILTE
IHIET Y (GraphSAGE, GAT, TGAT) » $55ll 2 7E 0485 (Inductive) WE T,

FTM 53k 7 KIS EE I PERE G 28 (I An7E S SRR T ~FIgR AL 14.29%) , i
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W7 FTM SLEAESETHIN e R e I A R (R R AR RE 7T . Bt Sz AL RE /1 A
FAE/NFEA R 757N SR R A 2k

/ I*" layer
Parallelly aggregating information

for each frame EE}_'(_‘:;) Hidden Layer Qutput Layer

-OITTTTI

=)
=
=-
&
E

) € =

LOITTTTT1)

)

=)

H_\IIHH-?—:

()

d \\
215(0,t5) 2, (5,t5)

Stage 1: Frame Aggregator Stage 2: Timeline Aggregator/

K 10 FTM HEKE
£ 11 AFELEEMEE N FTM £ Reddit 255038 4 (1) S 56 45

Neighborhood Scale Percentage of Training Data
Model Inductive Generalization Inductive Generalization
S M L XL S M L XL 1% 5% 10% 50% 1% 5% 10% 50%

GraphSAGE | 86.31 8896 9419 9468 7087 7083 7874 8359 65.31 8539 9117 9564 57.99 62.79  73.04 80.15
w/ FTM 92.247 92317 955317 96281 79.371T 77267 86.307T 86.537 | 70407 87587 91957 96.657 61.987 74927 82.717 85.347

GAT 91.11 9315 9556 9537 6988 7496 8376 8584 | 6899 90.81 93.13 9510 5953 7644 79.70  85.80
w/ FTM 91.85t 93.401 95.841 96751 82381 8175t 86201 88971 | 73.13% 91.021 93.701t 96.681 68.4517 81.991 85911 90.301
TGAT 9112 9263 9595 9673 6922 7176 8564 8734 | 65.65 8892 9267 9625 7451 77.16 8127  86.38

w/ FTM 94,081 94321 97261 96.821 91.08t 89.521 95821 91.061 | 80.761 92321 93451t 96.25 81.841 87.881 87.221 88531
Average Gain | 3.21 1.76 0.98 1.02 1429 1033 6.73 3.26 8.10 1.67 0.64 0.69 5.00 825 5.69 2.87

Table 5: Case studies on (1) neighborhood scale, where neighborhood scale expands from S to XL; and (2) the percentage
of training data, where models are trained on limited training data of Reddit, e.g., 1% means models are trained/validated on
one-percent of the original training/validation data. We do not take TGN into consideration, because the way TGN updates
node-wise memory has little to do with the neighborhood scale and the percentage of training data. We report AP(%) of future
link prediction on Reddit (inductive; generalize from Wiki).

4) TESHERBIRERRER

N T IRUEAS BRI R 7 VA AT 2, T 1) R S I8 I S S PR N /3K, AR
B ALBESHE BRI AE N AR G GO AN, RGUTE T
AL I8 I AR SR e 2@ B S AL R AR R i NIgR S AR
giscHl. EEFEZW, MR T &R ECE ST SO R RS TV-CL, %
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BB 5 2 S E 5t IS R LR EAT ARAL, RN A iy
I B L SR S A P B A A 0 37 5 K TR A R AR 518 R R M. R E T,
BT B, e T RS i3 S AR AR T R SR, A
I} PRIz sl i, ZREIE ok RIEH 518 5 4 it it T g — S W R AL .
BT RN E st SRR EAR . TV-CL A0S 18 3 st iR A5 A gk
17T RACN SR, FH85 G S BEMTE BUR AR SR B HERE IR A HEAT 7404k, fERIERR
53 B 1) (RIS R AIS T HEBR T ST 4, 1R T 7RI AE S B FH 37 55 v R HHE B AR
Ko IR E LA IE S s ) SEEGEE, ADSPALB-DRSA 5 ADSPALB-
DRSA-Large PPt it B 7E 55 4R 58 18 17 5t T 3R I H L F5 B B A0 0 1 5 A
P S P TE SCHEARRE /). W 11 s, BEALRE N <2 il s 3 s i S I
FPortts B 12 ], FEE st 5 o M B R b, B AR AR E AR R
R & A8 TE SOZ R A scfiiih, n] W5 B AL il b s A R R A
FBA LB TE BB RE NS S, 0UE 7 AT E Pk )7 A Sk bR
R EA A R S N .

JERADSPLABR B H4 RE IR £ AR S

y uﬁmm;l;:;u: e V«f‘_’.“j:?s/: 3 ) K X RS MABATIIE

© ADSPLAB-DRSA (B 3&175 B ARHTIREL - 1#75)

ADSPLAB-DRSA-Large

BRI BEHR

i R

RHRS/BE

oz, RERES (APRDEAXENE),

HRSH e
WREARSHE: WHETE /0, ®E), B8 (FTERNTIEE) , BIOHNEIRBRIT, KLES.
LPRERISE: BFM, EFRAOEBHATHNEK, FRBPE, ERKORET, TBHIEME.
BiHe:
0:00-0:02: —{FEBHEEROLHE, ARSTAKRT, ROUEALRIVZEMRS,
0:03-0:05: —$HEBSUVMERERRA, SHAERRISRTLER, ENET.
0:06-0:08: —$HLABARENEMRA, BRERL, KEBIFHET.
0:09: —HBABFEMAARA, EBBT.

Kl 11 ADSPALB-DRSA ZZEASHFFEREMRSE AT (s
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itkADspmsﬁﬁﬁﬁ-ﬁa&ﬁfﬁiﬁ%ﬁ i

v HETIERAAX Y KX RS R

I

© ADSPLAB-DRSA (ERE1% RARITIREL - #75)

ADSPLAB-DRSA-Large

BRSO BEEER

R RER

RPRT/BE

@5, EEEMMI, BMA/:1124.84KB

8 IEEHERXM

RBRREETER

EUBRARIE, SHUTRTETENED, RUEEDE, TXERES, BOR6, BAERTE, SREOREST, TSR WmﬂH[WﬂﬂHHWiHﬂHM%WH\
., SRR BOARERERRESKT, BRIGE ANEARERS, TEHL, REREE. BASDES, RNESE ‘
5.

Al

BEXHHES (Prompt) (AI3%) <

Kl 12 ADSPALB-DRSA ZZEASHAFHFIRAEM RS A GEEHHER)

=. HittBXER

1) BERAMERSERRERR

£ NSFC TiH KIXFT, BN 5 EHRYRZm, 2MEA%Z5 7T

CVPR2022. ICCV2023. ECCV2022 Fll ACL2024 %5 [H fr2f AR 2 WAL, 4 ik

1T 1 Poster Al Oral fB7~, FARBURIAG 1 E AN MNEAT I IE B PR AR 5 H

AT TRAF RAGIH 600 2K BbAk, BIBAFRARIT & E PR ARG 1E,

1) BREH SH NI R B TR E M E R Bina B SR U A 414
BHME LEE R 2RI . A4 K22 #% David A. Clifton. 511 AT LAB =%
TR (A1 BA R G 408 ST 6 2 BRI 7 01 SR T A EAT RS 64, HLRIRER T
TPAMI. TIP Z545sk P9 TRZ I FIAT ECCV. CVPR. ACL Z545usk Py T 2% 431
ws

2) 2022 %£ 3 H, 5l RAZA ASIF (EEEEREYHE, RS
HC9891022) 51 H 4H i i H & /R IT R “I il & B a7 21 7 TR A,
HEE R FE JCR — XTI —F .
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3)

4)

5)

6)

2)
)]

2)

3)

4)

2022 10 H, A5 H iR a5 H A 3. 35 5 18 F 2 S e R Y H oF
) A E A R A S BN K2 (PRCV 2022) iR A TR
S HLER 5 ) A T VR R 5 5 VR IEAT BOR R R R R AE

2023 6 H2H-6 411 H, 2BHWREEEA SN 2023 5 IEEE EHinE
P BT AUE S BRI Y £ (ICASSP 2023, ATIEEAI S0 , milas >,
BB AR 5 A2 BT 55 1R AT R F s A 2 RS i

2024 £ 8 H 10 H-8 H 15 H, 48 HaRAE= A% H 2H R 53 S [F] kb 28 [
SERZME 62 Jmit Hik 5 #haHa (ACL 2024, SUSFEM U0 , #is
AT, AT SRS TAESAT B BRI ARSI .

2025 4F 8 H 16 H-8 H 22 H, 48 HGNBEE A = BERF P20 2025 J [ btk
B A R% (Interspeech 2025, ASEM 210 , 8 2 EESH AL 0 5540
WHERN TR AMLAS TR SCE A0 0] 2 R G PR HEE S A\ S 4
PESFAT S5 AT R B R A AR

IRE Al RS R SR,
AR W TR IRAT T BT 2 m R DI B H 1 A A R 2w B 593

FNT], Ntk SR EH RS B2 7Rt R H “ N L& gl
(2023.11-2025.01, 160 J3) »

AR A A BRAA 5 AR BOE AT RR SRAS B TR BA Sy EAA AT, ik 5
FITAESEIG AT | RICH K INH “din E S 5 5 BRSNS E R
(2025.11-2026.12, &%% 30 i) -

AR UR B S A S B AR S AR RO AT R R SR A EE P A 2R B N T BE T BA SSYEFTA
A, A SEREHTESL ES] TR RIH “ETHHEZHESER
1) 2 g2y Bl KA RURF 9T 7 (2025.11-2028.11, 23750 i) &

ANV AR S B AR 5 AR RO 5T RN R SR A B DS H 5 B B IR A s [ BA ST ATA
A, NSRS TR SIS FEcA TR ST R T R A A BEAR R AS R BE 12
W KA AR 9T 7 (2025.09-2028.09, 2% 40 /i)

AR TC R IEE S5 SR RAT 7 L F R
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3) AAIEFIER.

FEHRBHAR I H B SCFF R, DR 1 4 ALk s m 9 A w7,
IO TREIN NS ike o | e i e e DA

E B4 @;? %ﬂﬁgﬂﬁ HSEE | SITREY | R | el
WL | BT R R m‘
U | T s | maomsets ke | asgge | 20206 | WL
Ftas A s H LI =
RN | TR RS EE TR
2 | wz ‘iﬁ? KRB | TR RO | 4 2”%¢5 X Sk
AR W% i
R | R R .
3 | s | TET Db | ot snr | aspu | 20%20F0 | AL,
57k 4 “ £ B
NE L o N
mmr | T AR S % | 202245 | deEt, o
SIS | o W,
5 | st | UEI | kg | PRSI gy | P02 ey
L B A LA L Gz
LS I | T B B L
6 | 2yt %@? RSB | MR TR s | 45 i 2”g$5 *gﬁﬂ
BRI A W5t
SRR | TR SR —
7 | %@? R/ | O m g | 46 2”g$6 %ﬂ;m
BARIHA | R
LS I | B RIS -
s | s | PET | kst | smm e | s | 00 F0 LR
JSUGSZEs o/ W5 .
BRI | SET LA R A -
9 | g %é? R/ | eGR4 2%%$6 %iﬁ%
e 5t
FBLBUR S | T8Ok R e
ﬁ o e = ZIN N S
10 | 2w %é? R/ | s SR Rh | 4685 2”;$5 ﬁ?iﬁ
AR A W% "
e | T | . TR
| | P ke | BT HEPESITT ) g | 200 F5 | g
L SV 3EEry I e L A
TSRS | U S BUAI
12 | sk %é? RIZEAEES | B SEROTE | 450 2”%$5 /
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RN
R Eﬁff KB / 45 F 2°2jf5 /
L SUSEE EN

AT H IR ALK A T AT AR SR AR 1 H AT 7 Bl SRR R,
Ui\ EitE s NI /P NG N i E N TIE YR RN ES R EEELR N SAW/ATSi Mg S ) SE AL
BhEE . 5T AL SIE. BESE TR SR AN E 5 e =, HEhHE
WEFL IR, ot =4EUTR A E BRI 7 TAE; B M1+ H AR R A 4L
RS N TR BE R AR LR 7T 5, PR ZARSRE SRR e i 59
P A HERLRE AT s AT H By IR OB Fe AR 2R 0 L SRArian 75 8 IR L
weA, ARG AN TART . KSR IR E b T S b N TR R A
e Skdlk, 25 Al ZEEBORNIIT; XEMAMZEIG I R AR B
FHOR A IO 2207, T R 0 T TR A 7 1 f B A% T ) A2l AN 2L
gt — 2 B EE S EABEIT. W, AT H AUAEHES) A ARBT T 55
AR JETTHBAT 7 OUF BT RCR , 1 HAE A A B 95 i) 7 EEAER, A
FHOSAUEAIE | — A A FL BRI AT S e ST T A

4) HthFZEiRBBRIRLR.

1) 2024 % 5 H, WHHR WA E S a EH b E T 5w 3%
“ImageCLEFMedical Caption Prediction 2024” , FZ53ReE%E (1/11) ;

2) 2022 4 8 A, WMHARRAEHRIEZSIN 2022 ATHFERS (WAIC) 3§,
R AN B FRTE AT IR ISl T W Rl ) Bk 7, R SRR % (1/4278) .
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